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Your Voice, Your Impact: Shaping the Future of VR-ROI Webinar Transcript 
JOE ASHLEY: The content does not necessarily reflect the policies of these organizations, nor should it be construed as endorsement of our grant policies. So what I'd like to do next is basically say we want to thank the North Carolina VR agency. They are a partner in this process. They've been helping us develop this new return on investment model and the simplified version. And with that, we've used some of their data. Their leadership has been great at providing input to us and identifying what we need to be thinking about with this process. 
We also engaged their state rehab councils, who provided us a valuable direction and talking to us about what might be important from their perspective. And we hope this to be an interactive session today, but we're going to use the chat for that purpose. So please, if you have questions, thoughts, comments, put it in the chat. 
SPEAKER: Yeah, his going to be challenging I think. 
JOE ASHLEY: And as we go through this, I just want you to think about that. And it creates a permanent record for us. And that way we can go back and be sure we've captured everybody's thoughts on this. So we're looking forward to that process of interacting with you. 
I also want to say the GW staff, our principal investigator is Maureen McGuire-Kuletz. I'm Joe Ashley. John Walsh, who's got the con as a moderator of this event is with us today, and Crystal Gary. We also have a team of consultants that have been working with for-- this is our third grant together for most of us. And you've got Bob Schmidt, John Pepper, Steve Stern, Chris Clapp, and Catherine Ipsen. The first four are economists that have been working on this and working very hard to understand the vocational rehabilitation process, and they enjoyed the feedback for this process. 
So let's talk about the objectives that we're going to have today. There's basically three. We are looking to have you give us impact or your thoughts on we have a structural model that we have updated that's very complex. And then we have developed a simplified model. But there's trade-offs. So we want to talk a little bit about do you give up the detail for the easier application of the model, or is it important to keep the detail as you move forward for your particular say? This may be state dependent. 
The second thing we're looking for is information on integrating the rapid engagement and service intensity into the model. What would be helpful? How would it be useful? And finally, we want to continue to refine the model. And by that I mean make sure that it continues to be practical, actionable, and valuable to the VR community. We hope to be able to do a good job of being able to tell the VR story and the value of VR by the data that we can find. 
And then a quick review of the agenda will be, well, I hope it's going to work this way. Bob Schmidt was going to provide us with an overview of the VR program. And then Chris Clapp is going to go through the NC data that we have and give you an overview of that. Steve Stern is going to come on and go through rapid engagement. He has some specific questions he's interested in getting feedback on. And then Steve's going to come back and talk about service intensity and source of service as variables to consider and add to the model. 
And then John Pepper is going to go over the simplified model with you and have some points for you to consider and then we'll have a wrap up. So at this point, John, you want to start the poll? We want to know who's with us today. 
JOHN WALSH: So yeah, we're going to do a quick poll where, as Joe had mentioned, just tell us what your role is. Who's with us today? So select the option that best describes your current role. 
So again, we'll just take a few minutes and then we'll share this. We've got about 60% of the participants have told us about their role. We greatly appreciate you giving us this feedback. So we'll just take a few more moments to get information on everyone that's here today. All right, we're getting close. We're at about 80% 
And a couple folks have put some information in the chat as well. Client assistance program director, VR policies rules and legislative analysis, we have someone who's a VR training specialist, and someone who is a VR office supervisor. All right, let's end the poll. And we're going to share the results now. 
So about 38% of the participants here today are VR counselors or field staff. About 16% are VR administrators. We have 11% that represent advocacy organizations, 11% that are SRC members. We have 2% that are consumers or family members. We also have 11% that are education partners and 7% that represent CRPs, 2% are work development partners, and 4% are business representatives. 
So thank you so much for participating in that brief poll. And now I'm going to turn it back to Joe. 
JOE ASHLEY: Yeah, so Bob Schmidt was supposed to be here. He was unfortunately not able to attend kind of at the last minute. So please forgive me if I get a little mixed up here, but I want to just provide a little bit of background on the work we've been doing for this particular grant and some of the work we've done over the course of really the last decade or longer. We have the team that Joe introduced to you earlier has been, this is our third of three grants, NIDILRR idler grants that we've been working on. 
And these analyses have looked at the VR program across many different states. This particular analysis is focusing on North Carolina, and the idea is that we conduct a longitudinal analysis with data provided by the VR agency, and typically employment and earnings data from unemployment insurance agencies that give us data three years prior to the receipt of VR and at least four and oftentimes many more years post application. 
So we're observing clients for a decade, sometimes longer. And that allows us to do some really interesting analysis of the data and try to tease out the effects of VR in a very rich and robust way. We employ state-of-the-art statistical methods to ensure that the outcomes are the result of VR, rather than some confounding factor, so essentially causal rather than correlation. 
OK, let me see if I can move the slide. There we go. So what do we do? We use readily available administrative data from the VR agencies that provide characteristics of the program, what types of services are being provided in particular. We have a 26 RSA service categories. Of course, each state does things differently. So we have to think carefully about how to model these things in each state. We use data on services provided by purchase services, agency services, comparable benefits. And that's in this particular analysis. So we have really rich service data. 
And we also observe measures of what we're calling the intensity of services. So that is not only whether a client receives a particular service, but how much of the service they receive. And that's measured by expenditures and maybe how long the client receives the services. This is very new to this particular project, our thinking about measures of rapid engagement. And we'll talk about those shortly. 
And then as I mentioned a moment ago, we have employment and earnings data from the North Carolina unemployment insurance program record. So mostly we know whether the VR clients are working. And we know that before they apply for VR services and for many years after they receive services. So using this rich but administrative data, we're able to estimate the impact of specific VR services. So for example, what's the effect of educational services or job training services on employment and earnings. 
We do this, and we found this as critically important by rather than doing just an agency-wide evaluation, we focus on the effects of VR for clients with particular types of impairment, so clients that have mental illnesses, clients that have physical impairments, or that might have blind and vision impairments. And we do this for each individual in the data. We provide estimates that are quarterly. So our analysis is done for each quarter. And we distinguish between short and long run, so the effects may differ in the first couple of years from what you see, many years later. And we find that to be extremely important. 
And then we annualize that to get an annualized rate of return for specific disabilities and specific agencies as well. In this case, of course, we're focusing in North Carolina. OK, so that's the background. I think is Chris up next? Yes, so Chris is joining us. 
CHRIS CLAPP: Yes. I think you're passing the baton. So what I'm going to talk about, I'm Chris Clapp, I'm at the University of Chicago Harris School of Public Policy. And when I teach my students how to work with these different types of models, one of the things that I try and emphasize is, first, you want to just take a look at the data and get a handle on what the variation in your data looks like. So I want to go through a couple of tables to help everybody get a sense of what our data looks like a little bit. 
So table 1 here we have just the sample sizes, so the number of individuals from either the 2018 or 2019 cohort. And we're breaking that down by disability categories. So in the first column, we have disability types. We have mental illness, which we abbreviate as MI, individuals with physical impairments, cognitive impairments, blind or visual impairments, autism spectrum disorder, ADHD, traumatic brain injuries, and substance abuse. 
And what we report then in the second column is the number of individuals that fall into each one of those categories. So if you look overall sort of in the table, we have just over 36,000 observations from the cohorts that entered in those either one of those two years. And our values, number of people ranges from over 12,000 for individuals with a mental illness. And the smallest category we have is traumatic brain injury, where we have 525 individuals in our data. 
And so we're really excited about this data for a bunch of reasons, this really rich data. But one of the nice things for us is that we're able to observe different disability categories that we haven't before. So we've written, for instance, this group has written papers on individuals with a mental illness, physical impairment, cognitive impairment, and so on. But we haven't had sufficient sample size to do anything, any research on folks with autism, for instance, or ADHD, or substance abuse. And so we're excited to estimate models that look at those individuals specifically. 
Additionally, we're able to, with the almost 9,000 people who have a cognitive impairment, we're optimistic that we'll be able to break that down, that group down, into finer groups of intellectual versus learning disability, and fit more specific models there. 
So, John, if you can go to the next slide, the next table that I want to show is this one right here. And so in this table what we're showing you is the percent of applicants who received purchased services. So John mentioned we're going to look at a couple different service types. This is just data on folks that have purchased services. And this tells you roughly what's the fraction of people by disability and service type who are receiving the given service. 
So if you look at the first column, the service types we list, we have more categories, but we're just listing a few just to give a sense of the data. So we have education. We have job training, job search and placement, supported employment, and then other supports. And so what we're doing is we're aggregating different services into these categories that people receive, so that we have a sort of manageable number of services that we can estimate the results of, or the impact on people's labor market outcomes. 
So if you look what you see in this table, then if you look in columns 2 through 5, we list MI. So mental illness, physical impairment, cognitive impairment, and then blind or vision impairment. And if you look within and across these columns you see very interesting variation. So for instance, we have variation across services. So if you focus in on the MI column, the second column there, you see that 2.6% of individuals with a mental illness received education services, but 17% of those individuals received a job search or job placement service. So that would come from the job search and placement row. 
We also see a lot of variation if you look across the column, so pick a row and look across. So staying on that job search and placement row, we see again that 17% of people with a mental illness receive job search and placement services, but only 4.2% of people with blindness or a vision impairment received those job search and placement services. All right? So in contrast, if you were to look at the last row, other supports, you see that 19%, 19.3% of people who have blindness or vision impairment received other supports, whereas only 2.3% of people with a mental illness received those other support services. 
And so we're really excited about all of this variation and what it's going to allow us to do. But this is the key reason why we estimate our models specific to a given disability type and why we generally see variation in this across different agencies. So that's why we focus in on an agency and specific to disability type when we estimate our models. We have a saying that, if you've seen one VR agency, you've seen one. And that we note that VR is very much tailored to the needs of its clients. And so that's why we see these different patterns in the data. 
JOHN WALSH: And Chris-- 
CHRIS CLAPP: I'm going to pass the baton now. 
JOHN WALSH: Chris, this is John. 
CHRIS CLAPP: Oh, yeah. Hi, John. 
JOHN WALSH: We had one question in chat, and it was regarding your previous slide about the different demographic groups that were looked at. And the question was, were folks with hearing impairments not included in this study? 
CHRIS CLAPP: I don't believe so, they are not because to the best of my knowledge, I don't believe we have data on them specifically, but we can definitely check on that. 
JOE ASHLEY: We didn't have enough incidence or the population, it's the same issue we had with the autism, I believe, Chris, where we didn't have enough clients that we could aggregate to be able to use the model. 
CHRIS CLAPP: That's right. So yeah, we need a sufficient number of observations in order to estimate our model. 
JOE ASHLEY: Unfortunately, I would say, unfortunately to that, we weren't able to find a way to make that happen because that would have been of interest to us to do that. 
JOHN WALSH: And they thank you for that response. 
JOE ASHLEY: And the other thing, Chris, that's all purchased services in your table? 
CHRIS CLAPP: Yeah so in table 2 it is all purchased services. It does not include in-house or other services. 
JOE ASHLEY: OK. 
STEVEN STERN: OK? Hi, everybody. We're going to talk about rapid engagement now. There are a couple of different measures of rapid engagement that we can use. And actually one of the things we're hoping for is to get information from you on what would be the appropriate measure of rapid engagement. One possibility is the time from eligibility to plan. The mean of that is 81, and the median of that is 68. 
Another possibility is from application to first service, and the mean of that is 126 days, and the median is 84 days. We can see that it varies by disability. For example, median days to first service is 66 days for people who are blind or vision impaired. It's 140 for people who are cognitively impaired, and 177 for people with ASD. We want to estimate how rapid engagement changes service mixes and/or intensity of services. 
We need to model the relationship between rapid engagement and employment and earnings to ensure that the estimates can be interpreted as causal rather than simply correlational. Well, actually, we're not going to get into the details of the statistics involved with that. But one of the things that that means is that we don't really think that rapid engagement causes labor market outcomes. Rather, we think that it causes change in either services that are received or the intensity of services that are received, and those affect labor market outcomes. 
Really, we'd like to know if you think that's a reasonable approach to thinking about rapid engagement. So if you could provide some information in the chat about which of these measures, application to plan or application to first service, or something else, which one should we use and why? That would be really valuable. 
JOHN WALSH: So we're monitoring chat. This is John. And please feel free to put your responses in chat. 
STEVEN STERN: Another issue is whether we can think of time rapid engagement as a variable that just varies over days, or whether there are specific times where something important happens. So for example, are there key time thresholds like 60 days or 90 days. And if so, why are they key time thresholds? And again, any comments or questions that you have concerning thresholds would be very valuable as well. 
Without comments, I think what we're going to do is we're going to treat rapid engagement, first of all, going to define it both ways, time to application to plan and application to first service. And we're going to treat them as variables, just move on in a continuous way. There won't be any special thresholds at 60 days, 90 days, or any other. But we're really open to comments that you might have that would make us change our minds. And we've changed our minds after listening to comments from groups like this a lot. 
JOHN WALSH: So we have one person said app to first service. We're also hearing application to plan. Someone else said definitely app to first service, and Rachel says it's definitely an interesting question. On one hand, application to plan to me indicates engagement, as it's a collaborative process. So we're getting a bit of a mix, Steve, of application to service and application to plan. 
STEVEN STERN: So that suggests that there's some reason to think that each of them has an important role, and we can test for that. We can include both and we can see how important each one is. We also are expanding our model by using measures of intensity. And we have two different measures of intensity that we plan to use. 
One is how many days you receive, yes, how many days you receive, services of each type, and how much is spent on you for each of those services. Again, we'd like your comments about whether you think that's going to work. Notice that in order for it to work, we need good measures of expenditure, which I think we have, and good measures of how much time you spend in a service. And there it's a little bit problematic. 
We can only include expenditures for purchased services from the case management system. And we can get measures of how long you receive services from the In-House and Comparable Benefits, RSA 911 quarterly reports. 
So we've already said dollar value of purchased services, reliable. Number of quarters for any service is a little bit problematic, but still we think it's good enough to use. And for purchased services, these two are not perfectly correlated, which means that from a statistical point of view, we can use both without having to worry about collinearity problems. 
It's important to allow for different types of services. And in particular, it's important to allow for people to receive more than one service simultaneously. In the data, we see that in any particular quarter or well, OK, that one service was received in the quarter in 9,300 of the quarters in the data. Two different services were received in the same quarter, 5290 times, and three or more services 4,680 times. So it's important to allow for the simultaneity of service receipt. And the model, as we are thinking about it now, will allow for that to happen. 
It's also important to allow for different types of services from different sources, purchase agency and comparable benefits. So two examples of combinations of services by type and source, in the same case, there are 62 cases with job training provided by both purchase services and agency provided services, as well as education by comparable benefits. So these are cases where they're receiving job training at the same time, or at least in the same quarter, 62 times. There are 21 cases with placement from purchase services and agency services, job training from agency and supported employment from purchase services. 
So you see that it's really important to allow for the existence and the use of agency services and comparable benefits. And that's going to be something that's relatively new for what we're doing, because up until now, we haven't really had very good data on agency services and certainly comparable benefits. 
JOHN WALSH: And keep those comments coming in. We're getting some great feedback from our audience about purchase services versus in-house services. And maybe service intensity cannot always be measured by cost. Also, I think there is an interest in the specific percentage of VR funds designated for pre-ETS. Is it making a difference in the long run? So some good comments coming in that will certainly maintain the chat transcript. Because this was the number one reason for this stakeholder meeting, is getting feedback from our diverse stakeholders that are here today. 
STEVEN STERN: I don't think we're going to be able to say a lot about pre-ETS because the data set is not long enough to observe people participate through pre-ETS Also, we don't have great information on services received while youth. And then follow those people for long enough to say much about how the Pre-ETS services affect labor market outcomes. That's unfortunate. It would be really nice if we could, but I'm pretty sure, at least with the data that we have right now, we're not going to be able to do that. 
And do you also have a profile of North Carolina of the percentage of expenditures purchase versus in-house services? I don't know off the top of my head. But we do know the proportion of people who are receiving purchase services, and the proportion receiving agency services, and the proportion receiving comparable benefits. And we could get that to you, Linda. No I'm sorry. That's Jesse. I think we have it worked out already. I just don't know it off the top of my head. 
JOHN PEPPER: Yeah, we have it. I mean, I don't know that we have a table. I don't have a table we can share right now. 
STEVEN STERN: OK. 
JOHN PEPPER: Yeah. There's a number of really interesting comments here. And as John said, we're saving the comments and we'll think about them. So keep submitting them. We will read them. And then, John or others will pull out ones that maybe we should talk about. 
So I'm going to return to some of the data that Chris highlighted before and really show you, illustrate to you, the design and the methods we use to think about this data. We're calling this the simplified model. And many of you here may be familiar with some of our work and others may not. 
A lot of our work uses what we call a structural model, but think of it as a very complex, nuanced model that really thinks about each aspect of VR in a very formal mathematical way. But we can do a lot with this simplified model, and it's part of our grant work. And I think this hopefully will give you an idea of what the data look like, and how we use the data to try to get insight into the effects of VR. 
So I first want to do this with pictures. And on this slide, we have two graphs. On the left-hand side is a graph of the employment rate over time. And on the right-hand side is the graph of the average earnings in a quarter for those that are working. And we split this out between those that are receiving services, that's the blue line, and those that are not receiving services. 
And the measure of time, which is listed on the horizontal axis, is the number of quarters relative to the application quarter. So quarter 0 is the quarter when the client applied for VR services and quarter 5 is five quarters after that. And quarter minus 5 is five quarters before that. So remember, we observe employment both three or four years before the clients apply, and four or five years after they apply. 
And then on the horizontal axis is either the employment rate or the mean earning, the average earnings. So let's look at these graphs and see what we can learn from them. They're actually really beautiful graphs. They tell us a lot. We think about what's going on with VR and the clients receiving VR services. So the first thing you want to notice for both employment and for earnings is that prior to applying for VR, the clients that eventually will receive services have almost the same, almost identical employment rates and earnings as those that will not receive services. So that's really interesting. 
Before they apply for services, clients that will be given services look very similar to those that will not be given services. And then what you see, let's focus on the employment graph, figure 1A, almost immediately, maybe one or two quarters after the application, there is a very sharp and notable divergence between the employment rates of those that receive services and the employment rates of those that didn't receive services. And that lasts for essentially 15 quarters. 
And so, in particular, if you look kind of five quarters after the application, something that we're calling the short run, in the short run there looks to be roughly of seven or eight percentage point difference in the employment rate for those that are receiving services than those that are not receiving services. And that pretty much stays about six to eight percentage point difference for all 15 quarters post-application. 
One other thing to notice just in this graph is that although there's the split between the employment rate for those receiving services and those not receiving services, maintains the 6% to 8% gap. The trends do change over time. And in particular, about seven or eight quarters after application you see a drop in employment among both groups. So what's going on there? Well that's COVID. 
So that's interesting to see. COVID led to a drop in employment rates, but the drop was pretty similar among those receiving VR services and those that didn't receive VR services. When we then go and look at the mean earnings, the average earnings among those that are employed, what you see is pre-application, those that eventually will receive services and those that eventually will not receive services have very similar average earnings. 
But post-application, those that are not receiving services have slightly higher earnings than those that do receive services. Now remember, this is just among the group that are working. So it's a group that's changing over time. And so there could be some compositional effect happening here. But, this would suggest that VR is having a negative effect on earnings among those that are working. That negative effect seems to dissipate over time. So in the short run, it's fairly notable. By the time we get to 10 to 15 quarters out-- 
SPEAKER: Did not get the confusion. 
JOHN PEPPER: Excuse me? Oh, that's OK. By the time we get to 15 quarters out, it's still a little difference, but not much. Now, so I hope that you found these figures are really interesting to look at. What we want to do then is take a statistical model that takes all of this information together and gives us an estimate of the effect of VR. And the way we do that is what's called a difference in difference model. 
And the way you want to think of that in terms of these figures is let's look at the employment graph, to take the difference in the employment rates between those that receive services and those that don't receive services after the application quarter, so in the positive part of the graph and compare that to the difference before. And that's where we get this idea of a difference in difference. 
And on the next slide, I'll show you the results from doing that in a fancier statistical model. So that's what we have here in this table. The table is a little difficult to-- there's a lot of numbers in this table. I'll try to focus on a few to give you the idea of what's happening. On the horizontal axis, we have the receive service call row is just what you saw in those figures. It's telling us what's the effect of receiving any VR service relative to not receiving a service on either employment or the percent change in earnings. 
And then we do this for each service separately. So we do a separate analysis for those that receive educational services, for those that receive job training, for those that receive job search and placement, and so on. We provide results for employment rates and percent change in earnings, just like we saw in the figure. But we also in this figure distinguish between short and long run. 
So let's look at one row, just the overall effect on receiving any kind of VR services versus not receiving services. And what you see there is that for the employment rates, both the short and the long run, effects are about 7%, right? For the percent change in earnings, just like we saw in the figure previously, the percent change in earnings for those that are employed dropped by about 12% in the short run. But then in the long run, it's much less. It's a drop of about 4%. 
So we're seeing here the effects vary for employment and earnings. They're qualitatively different effects, just like we saw in the figure. And the effects in the short and the long run can differ as well. So that is the analysis for the overall program. Whether you receive any service or you didn't receive a service, we can then break that out for different types of services. So for education, for example, we see more modest short-run effects of about 4% of unemployment, but much bigger long-run effects of about 10% for log-run employment effects. In contrast, for the percent change in earnings or education, it causes about a 20% drop in earnings in the short run. But in the long run, it's only a 1% or 2% drop. 
So you can see that the effects vary by different types of services. They vary in the short and long run, and they vary for employment and earnings. So it's complicated. And, so then the next step in our analysis is to say, OK, can we take all of this information and say something about the overall effect? Because VR appears in this case to be increasing employment but decreasing earnings for those that are employed. So what's the overall effect on the overall earnings effects of VR? 
And so we aggregate all this information. And in the next slide, I'll show you our initial take on this. 
JOHN WALSH: And John, we had a question from the chat about defining short term and long term in your chart. 
JOHN PEPPER: Oh, yeah, thank you. Yeah, that's a really good question. So short term we're defining as a less than eight quarters. I think that's right, eight quarter, so two years. And then in the long run it's anything more than two years. 
And you can see we could do even more refined analysis. But just for these statistical models, it's easier just to block it into two groups. 
JOHN WALSH: And we also had a question about why would services reduce earnings. 
JOHN PEPPER: Well, remember that's a really important question as well. We wouldn't think they would reduce earnings for any individual. But remember, this is earnings for those that are working. So one story, and this is I want to stress this is very preliminary. So we haven't really explored this. We don't view these as our final estimates. But what could be happening is that what I described as a compositional effect before, which is to say that if VR is increasing employment by large amounts, which it appears to be from the first set of results, then the group that's working maybe they weren't working before they received VR services. They are working now after VR services. And so they may just be receiving lower wages because they're people that wouldn't have worked otherwise. 
I don't know if that makes sense, but if any of my colleagues want to step in, you're welcome to. 
STEVEN STERN: So let me say one or two other things. We just published a book about services in a couple of different states. And there we did get estimates of service effects that were negative. And we included a significant chapter on why some of them might be negative or how to interpret those. And those include things like that those who didn't receive services might have received some other competing service, which made them do better than VR. 
Another possibility is that there are selection effects that we're not measuring appropriately. Another effect is that some people who are using VR services are not really in it for increasing their labor market outcomes, but rather developing independent living skills. There were probably a few others that I forgot, but all of those could suggest that negative service effects are real. However, it also could just be a statistical anomaly, which, for example, could be the selection effect that I mentioned or something else. 
JOHN PEPPER: Yeah thanks, Steve. And I mean, one of the things we've long thought and worried about and we just don't have the data to provide any evidence on is the non-labor market effects of VR, independent living as the most obvious example. It's clear that VR provides an important role in helping people live independently. And we don't have any information on that. And so that's not included here at all obviously. 
And one point related to this question is, you don't want to look at either of these and say this is the overall effect if VR is causing a lot more people to work, but at the same time they're earning slightly less. It still could be that VR has a positive labor market effect. And that's where we're going to aggregate things. And that's what's illustrated on this table where we're looking at the mean benefit, the mean labor market benefit in terms of earnings of purchase services in 2018. For those with mental illness, the average benefit is $484. 
For those with physical impairments, it's actually negative. And so that is perplexing and something that we'll have to explore. For those with cognitive impairments it's 250. For those with blind and vision impairments, it's 551 and those with autism spectrum disorder it's almost $1,600. Now a couple of things about this, just caveats. These are very preliminary. We're not accounting for anything else about the clients or their situation. We are not accounting for costs. So this is not a return on investment. This is just the return. 
But, it's the benefit. But there's no cost here. And this is just our first look at the data. So we have a lot more work to do. But it gives you hopefully some idea of how we're doing it and the kinds of things we're looking at. OK, the last thing then is just to mention that this is what we're calling our simplified model. We also are working on what we call a structural model. And this is a terminology that basically the idea of structures that we're really going to model the way the VR system works, the way clients come into an office. They're evaluated, they're assigned, they're provided with certain services, and not other services. 
Those services may change over time and have different intensities, which is one of the innovations of this work. We in this analysis that you've seen in a moment ago, we're not controlling for anything about the client, whether their age, their level of disability, significant disability or moderate disability, whether they have other disabilities, whether they're married, all kinds of things that we eventually will account for. We do to some extent here, but we'll do certainly more and evaluate the effects by different disability groupings, by service type, by the source of service. So everything you've seen in the previous slides is about purchase service, nothing about in-house services or comparable benefits. 
And then finally, and we think this is really important, but it takes a lot of time and careful thought as to really write out this formal model. So those are things we're working on now. But I think hopefully just seeing what I presented gives you a sense of the kinds of ways we think about this problem. 
OK, I've been talking for a long time. I think I'll take a break. And I think we're moving on to Steve or-- hold on, let me get-- I'm doing two things at once here. So I got to go to the next slide. Oh, yeah. There's the next slide. This is Steve. 
STEVEN STERN: Hi. So some of the challenges that we face are that we want to estimate different impacts for different service categories and different sources, and those turn out to be models with a lot of parameters that we have to estimate simultaneously. We have to aggregate the services into service types. Right now we have 12 different service types that are listed here. They include assessment, disability, and treatment, education, job training, job search and placement, supported employment, other support, benefits, disability accommodation, adjustment to disability, rehabilitation, technology, and other services. 
12 is too many. For computational reasons, we'd really like to get that down to something like seven service types, which means combining some of these 12 into others. And if you have any ideas about which ones we should combine, that would be really useful. We could also break up some of the groups that we have, and move parts of them into one type and other parts into another type. In fact, we've received some information from North Carolina staff that maybe these 12 are not the appropriate way to aggregate services. 
And we're talking to North Carolina about the possibility of changing the way that we aggregate services altogether. That would be specific for North Carolina. It doesn't seem to be the case for other states that we've worked with. So any ideas that you have about aggregating services into these 12, or even better into seven, well, it would be really helpful and we'd gain a lot from that. Thank you. 
JOHN WALSH: So feel free to put your ideas in chat. As I mentioned before, we're going to keep the transcript of this to share with our team as they continue to work on their model. 
JOHN PEPPER: I guess we're at wrap up, but I don't know what we do now. Excuse me. This is where our colleague, Bob, was maybe Joe, do you want to say a few words here? 
JOHN WALSH: And I think Bob has joined us now. 
STEVEN STERN: Oh, really? Wow. That's good news. So on the last page, we have contact information for the four economists, and we would very much welcome any comments or questions that you have. Those of you who can't read, I'm just going to quickly go through the email addresses. For Bob Schmidt, it's rschmidt@richmond.edu. For Chris Clapp, it's cclapp@uchicago.edu. For me, Steven Stern, it's steven V stern @stoneybrook.edu. And for John Pepper he's got a really weird one jvp3m@virginia.edu. 
JOE ASHLEY: And one of the things I'd like to respond, I think Chris already responded to George about other factors than the labor, the other things that VR can do for people. And I just want to say we looked really hard at finding ways where we could find administrative data that would be consistent in a state that would help us sort that out and add that to the model. So far, we've not been able to do that. We've looked at a couple of different options, but that's something that we would really like to include, but it just doesn't seem to fit for what we have the capacity to do right now. 
And I think there were a couple other points in the chat. I don't know, John, if you had a chance while you were talking to see some of those, but there were some things. I think I saw people responding to each other where they were actually grasping some of the things that I would have answered in terms of the differences in the earnings of the groups. 
JOHN WALSH: Yeah, that was definitely one of the themes, Joe, as you mentioned. There was a number of chat items around the earnings piece, and some folks were perplexed around certain categories, like those with physical impairments, and to seeing that negative effect in the earnings. And I think I'm getting the sense that, as John had mentioned, that this team is going to be looking at, that these are not final results. 
JOE ASHLEY: That's true. 
JOHN WALSH: And I think that stakeholder feedback is saying yes, please look deeper into that. 
JOE ASHLEY: You better do that. 
JOHN WALSH: We would love to know more about, why you're seeing those impacts. 
JOHN PEPPER: Yeah, I think I mean, I'll stress again that this is very preliminary. In some sense, this is just like a descriptive look at the data and we've got to dig into it more. I will also say that in our earlier analysis for other states, Virginia and North Carolina and others, physical impairments, the clients with physical impairments usually have some of the highest returns. 
JOE ASHLEY: Yeah. 
JOHN PEPPER: It does strike me as a little odd that we're seeing this result. 
JOE ASHLEY: Yeah, that was the thing that I was thinking about, John, because we've seen some huge benefits in the physical impairment arena in a few other states, including North Carolina. 
STEVEN STERN: One thing, though, that we've seen is that the rates of return for the states that we've looked at have declined from earlier years. So, for example, if we use a 2000 cohort, meaning people who were in the program in the year 2000 and compare that to 2007, the rates were lower in 2007, and it looks like here in the data from 2018 and '19, the rates are still lower than the 2000, it's yet to be seen whether they're going to be similar to 2007 or better or worse than that. So there are some time trends that we're slowly getting some sense of what they look like. 
JOHN WALSH: And we had another comment in regards to that. It would be helpful to clearly define what the reductions of earnings are compared to pre to post versus clients who received and did not receive services, et cetera. So again, that interest in that additional analysis of that earning changes over time. 
STEVEN STERN: And that's what the model does. 
JOHN PEPPER: Yeah. 
STEVEN STERN: It tells us-- 
JOHN PEPPER: It's both. 
STEVEN STERN: Yeah. 
JOHN WALSH: There was also a comment. Is it possible the earnings would have been impacted by COVID? 
JOHN PEPPER: Yeah, for sure they're impacted by COVID. And what the figure shows is that at least on the employment side, it was fairly similar for those that received and didn't receive services. But yeah, that's not in the statistical model where you saw the summary results. And that's something we will definitely account for. 
BOB SCHMIDT: And it is something that we have pretty good data on by county in North Carolina. Sorry for joining late. We have that. And that will be in when we estimate with quote structural model. 
JOHN PEPPER: Yeah. 
BOB SCHMIDT: The structural model probably very different answers. Better worse, don't know, but different. 
JOE ASHLEY: And one of the things I'd also mention somebody was asking about the document on service categories. And Chris mentioned that there's a Word document on the landing page under training, where you'll find the evaluation, in the same place that has the service categories as we map them originally. So there is some information on how we have them grouped. Now, if you want to look at those and then make some suggestions, that would be great. 
JOHN WALSH: Yeah as Joe had mentioned, we put the PowerPoint slide deck as well as that Word document with the service categories on the very last page of the slide deck is the researchers email addresses. They would love to hear from you to continue to get your feedback. This is the reason we have this meeting is to get this community feedback. 
Another question came in regarding comparing data sets that were pre-WIOA and those post-WIOA and what impacts that might have. 
STEVEN STERN: So it's a little hard to say which characteristics of WIOA you are important because there are a lot of changes. There are some things I think we could say something about although we haven't really talked about doing it, but we could. So, for example, we can look at the number of clients and how that's changed over time and then pretty easily simulate what would have happened had not there been a reduction in services for those who were not pre-ETS. That's something we should think about, and we really haven't up till now. But it's a very good point. 
JOHN WALSH: Another comment came in and I guess, this also links to earnings. But we know oftentimes that folks that are making the choice to work but are on Social Security benefits, there can be a fear of reaching thresholds in their earnings that they may lose their benefits. And there's a wondering if that may have a factor on why, even though, folks, the employment rate is higher, the earning rates are not comparable. So maybe people are limiting themselves on what their earning capacity is for the fear of losing benefits. 
STEVEN STERN: Yeah, that's a real concern. But you would think that if that were true, then we'd observe a big chunk of people who are close to the limit. And we don't observe that. So I'm not sure that they-- 
JOE ASHLEY: We haven't seen that. 
STEVEN STERN: Yeah, right. Which is a little surprising to me. 
JOE ASHLEY: Yeah, we thought we would see it. 
JOHN WALSH: There was also a question in chat about how you're defining ROI in terms of their contribution earnings and the labor market or case closures. 
STEVEN STERN: No, it's all in terms of the labor market earnings minus costs. It would be nice if we could include other things like improvements in independent living skills, but ROI is really focused on labor market measures. And also there's no data. There's no collected data on independent living skills. So it would be very difficult to include such an effect. 
JOE ASHLEY: OK. Well I think we're about 2:08. If other people have some thoughts they want to put in the chat, we can continue to discuss or we can just, I will say right now, thank you very much for taking the time to give us the feedback. We really do appreciate it. It helps us improve our thinking and focus as we go through this process. 
JOHN WALSH: And folks are confirming that they love data. 
CHRIS CLAPP: I love data, indeed. 
JOE ASHLEY: Amen to that. 
JOHN WALSH: We've got love in the house. So that's a good thing. So also, I had put in the chat the landing page for this training. So folks that want to get their CRC continuing education, there's a link on that landing page to complete a brief evaluation. And once you complete that, you'll be emailed your CRC certificate. So just click on that link to go to the landing page. 
JOE ASHLEY: And do we encourage those who maybe aren't looking for CRC to also fill out the evaluation? 
JOHN WALSH: We would love it. We love to get evaluation. And if you could provide us open-ended comments, we would love that even more. 
JOE ASHLEY: Yeah, that's very helpful. And I want to say hi to all my Virginia colleagues. 
JOHN WALSH: And we're also hearing love to see the updated models and the continued work. 
JOE ASHLEY: Thanks, John OK. Shall we call it a wrap? So we-- 
JOHN WALSH: Yeah, we're getting lots of accolades in the chat. Just thank you. Great information. 
STEVEN STERN: It would be nice if you could nominate us for an Oscar, OK? 
JOE ASHLEY: There was one comment about more recent data. But part of the issue is the length of time it takes to get good data. 
STEVEN STERN: If you want to know what the long term effects have to wait for the long term. 
JOE ASHLEY: And that's been a challenge we've faced. 
STEVEN STERN: And long-term effects are really important. I would say they're much more important. 
JOE ASHLEY: I think we lose a lot of the VR value by not getting to the long, long term. 
JOHN WALSH: And I know that's been one of our discussions as a group about how state VR agencies collect data. We know that they collect data from the UI system for up to one year, but they don't necessarily collect it beyond that. 
JOE ASHLEY: Yeah. After exit. 
JOHN WALSH: After exit, so one year after exit. And having that data is very valuable to get that more longitudinal viewpoint. 
JOE ASHLEY: You could see a big difference when we collected 10 years worth of data at one point. And it really shows the value of VR over time with that. And John, I think somebody else wanted the link. 
JOHN WALSH: Yeah I'll put that back in chat. 
JOHN PEPPER: Someone wanted to know if there'll be another meeting in the future. 
JOE ASHLEY: Say that again, John? 
JOHN PEPPER: If there's going to be another meeting in the future like this or to report on our results or-- 
JOE ASHLEY: I don't know. 
JOHN PEPPER: I don't know either. 
STEVEN STERN: Well, we'll have to have one to give Bob a chance. 
JOE ASHLEY: Yeah. A makeup. Yeah. 
CHRIS CLAPP: I think the question about the link was where is the survey on that page, John? 
JOHN WALSH: The link should be right on the landing page at the bottom. I'll copy the actual evaluation link. So that is now in chat. All right I think that's a wrap. 
JOE ASHLEY: OK. 
STEVEN STERN: Thank you very much. 
CHRIS CLAPP: Thank you, everybody. 
JOE ASHLEY: Thank you.
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